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import numpy as np
a = np.array([1, 2, 3])
b = np.array([4, 5, 6])
print(np.dot(a, b))
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import numpy as np

arr = np.array([10, 20, 30, 40, 50])

mask = np.array([True, False, True, False,
True])

arr[mask] = arr[mask] * -1

print(arr.sum())
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| fig, ax = plt.subplots(figsize=(10, 6)) |
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import pandas as pd

df = pd.DataFrame({
'Category': ['A',
IBI],
'Sales': [100, 200, 150, 250, 300, 100]
)

df['Rank'] =
df.groupby('Category')['Sales']
.rank(ascending=False, method='min")

‘B', 'A', 'B', 'A',

result =
df[df['Rank'] == 1]['Sales"'].sum()

print(result)
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k=1
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model.compile(optimizer="adam',
loss="sparse_categorical_crossentropy',
metrics=["accuracy'])
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class MyModel(torch.nn.Module):
def __init__ (self):
super().__init_ ()

# ...

@ predict()
@ forward()
3 compile()
@ fit()

® backward()
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(A) loss.backward()

(B) optimizer.step()

(C) output = model(input)

(D) optimizer.zero_grad()

(E) loss = criterion(output, target)
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